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4- Multi Layer Perceptron (MLP)

5- Modular Neural Network (MNN)

6 -Principal Component Analysis (PCA)
7- Jordan/Elman Network (EN)

8- Time Lag Recurrent Network (TLRN)
9- Linear

10 -Tan hyperbulic

11 -Sigmoid
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1- Artificial neural network
2 -Recurrent network
3 -Effective drought index
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1- Efficiency Coefficient
2- Root Mean Squared Error (RMSE)
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